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Abstract

Background: Spillover of parasites at the domestic animal - wildlife interface is a pervasive threat to animal health. Cat
and dog fleas (Ctenocephalides felis and C. canis) are among the world's most invasive and economically important
ectoparasites. Although both species are presumed to infest a diversity of host species across the globe, knowledge on
their distributions in wildlife is poor. We built a global dataset of wild mammal host associations for cat and dog fleas,
and used Bayesian hierarchical models to identify traits that predict wildlife infestation probability. We complemented
this by calculating functional-phylogenetic host specificity to assess whether fleas are restricted to hosts with similar
evolutionary histories, diet or habitat niches.

Results: Over 130 wildlife species have been found to harbour cat fleas, representing nearly 20% of all mammal
species sampled for fleas. Phylogenetic models indicate cat fleas are capable of infesting a broad diversity of wild
mammal species through ecological fitting. Those that use anthropogenic habitats are at highest risk. Dog fleas, by
contrast, have been recorded in 31 mammal species that are primarily restricted to certain phylogenetic clades,
including canids, felids and murids. Both flea species are commonly reported infesting mammals that are feral (free-
roaming cats and dogs) or introduced (red foxes, black rats and brown rats), suggesting the breakdown of barriers
between wildlife and invasive reservoir species will increase spillover at the domestic animal - wildlife interface.

Conclusions: Our empirical evidence shows that cat fleas are incredibly host-generalist, likely exhibiting a host range
that is among the broadest of all ectoparasites. Reducing wild species’ contact rates with domestic animals across
natural and anthropogenic habitats, together with mitigating impacts of invasive reservoir hosts, will be crucial for
reducing invasive flea infestations in wild mammals.

Keywords: Ctenocephalides canis, Ctenocephalides felis, Domestic animal - wildlife interface, Ecological fitting, Host
specificity, Invasive species, Reservoir host, Spillover
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Background

Animals closely associated with humans can act as reser-
voir hosts that spread parasites to wildlife [1-3]. Spillover
of parasites (ie. the transmission of a parasite from one
host species to another) between domestic and wild
animals is an increasing threat to animal health, and
understanding factors that drive this process is crucial [4—
6]. Yet while conversion of natural habitat into production
zones, habitat fragmentation and global urbanisation in-
crease contact rates between domestic and wild animals [7,
8], patterns of parasite sharing at the domestic animal -
wildlife interface are poorly resolved.

Cat fleas (Ctenocephalides felis) and related dog fleas (C.
canis) are blood-feeding ectoparasites causing enormous
grievances for pets worldwide [9-12]. Flea control relies
on mass use of preventative drugs, equating to hundreds
of dollars spent by owners each year [13]. In addition to
pets, C. felis and C. canis are presumed to infest a diversity
of wild species. Control of parasite spread and infestation-
related morbidity are therefore multifaceted problems
[14-17]. The potential for urban-wildlife parasite exchange
represents a considerable One Health threat, especially
since fleas can transmit harmful bacteria (some of them
being zoonotic [18, 19]). Despite the pervasive risk for flea
spillover between domestic and wild animals, there is a
dearth of knowledge on C. felis and C. canis distributions
among wildlife [10, 20, 21].

Predicting parasite spread requires an understanding of
wildlife characteristics that enable host shifting [22]. The
human-induced range expansion of domestic animals and
other non-native species that act as viable hosts for fleas
(including foxes, rabbits and rats [23-25]) has led to the
encroachment of potential reservoir host species into
almost all terrestrial environments [26—28]. Close proximity
between natural and anthropogenic habitats might increase
exposure to feral and domestic animals [29-31] and could
be a key predictor of C. felis and C. canis infestation in
wildlife. However, other host attributes, such as body mass,
diet and phylogenetic ancestry, can be informative for
predicting whether hosts share parasite species [3, 32].
These attributes may facilitate flea exchange, as factors
regulating habitat use are important drivers of ectoparasite
infestation [33-35].

How historical and ecological species traits facilitate or
inhibit flea infestation is not known. Moreover, informa-
tion on infestation rates in wildlife species is scattered
throughout the literature. We use a systematic literature
search and web scraping tools to build a global database of
C. felis and C. canis infestations in wildlife species. Using
Bayesian hierarchical models, we incorporate mammalian
trait data to ask if extrinsic (habitat use, diet breadth) and
intrinsic (phylogenetic ancestry, body mass) host attributes
act as drivers of flea infestation risk. We use host specifi-
city analyses and null models to assess whether fleas infest
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species that are more similar in their phylogenetic ances-
try, habitat use or diet than expected by chance. If habitat
use is a key driver of infestation risk, we expect that use of
anthropogenic habitats will increase species’ infestation
probability and that both flea species will infest hosts that
exhibit more similar habitats than expected by chance.

Results
Introduced mammals as reservoir hosts for fleas at the
domestic-animal wildlife interface
Both flea species infest wildlife on all continents apart
from Antarctica (Fig. 1). In total, 138 (20%) out of 685
sampled wild mammal species harboured cat fleas (Cte-
nocephalides felis) and 31 (4%) harboured dog fleas (C.
canis). Species most frequently reported to be associated
with C. felis were all invasive mammals, including feral
cats (26 out of 446 total flea-host-location observations;
ranging all sampled continents), feral dogs (21 observa-
tions), red foxes (Vulpes vulpes; 19 observations), black
rats (Rattus rattus species complex; 16 observations),
brown rats (Rattus norvegicus; 14 records) and European
rabbits (Oryctolagus cuniculus; 9 observations; Table 1).
Likewise, C. canis was commonly reported infesting feral
mammals, including red foxes (22 observations), feral
dogs (12 observations), feral cats (8 observations), and
black and brown rats (5 observations each; Table 1).
From studies that included prevalence information,
mean C. felis prevalence was highest in feral cats (mean
32.3%). Ctenocephalides canis prevalence was highest in
red foxes (mean 3.5%; Table 1). While these observations
may be biased by more intensive sampling of invasive
mammals, especially if there is greater incentive to pub-
lish on invasive species, they suggest invasive mammals
act as suitable reservoir hosts for cat and dog fleas.
Among native species, C. felis was commonly reported
in American opossums (Virginia oppossum Didelphis
virginianam: 7 observations, and common oppossum
Didelphis marsupialis: 6 observations), North American
gray foxes (Urocyon cinereoargenteus: 5 observations), and
Australian brushtail possums (Trichosurus vulpecula: 3
observations). For C. canis, commonly reported native
species included Iberian lynx (Lynx pardinus: 4 observa-
tions), North American gray foxes (3 observations) and a
variety of other wild carnivores (including the coyote Canis
latrans, golden jackal Canis aureus, and common gennet
Genetta genetta).

Host phylogeny, body mass and anthropogenic habitat
use drive parasite infestation risk

Host phylogeny explained considerable variation in C. felis
infestation probability, accounting for 64.9% of variation
(CI: 45.4-74.2%). Ctenocephalides felis infestation probabil-
ity decreased with increasing host body mass (accounting
for 41.2% of the remaining explained variation; CI: 1.2—
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Fig. 1 Geographical distributions of observed cat flea Ctenocephalides felis (a) and dog flea C. canis (b) infestation reports in free-roaming mammals
around the globe. Sizes of points represent the number of mammal species sampled in each record. Colours correspond to the total number of feral
host species observed to carry fleas at each location (blue =0, purple = 1, magenta = 2, pink = 3, red = 4)
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79.7%), with a decrease of 1 kg in mean body mass equat-
ing to an increase of 0.6% in infestation probability (CIL:
0.2-2.8%). This could either mean that large body size pre-
vents infestation or, more likely, that larger mammals are
less likely to overlap human habitats. As expected,
anthropogenic habitat use was a strong positive predictor
of C. felis infestation (accounting for 22.3% of remaining
explained variation;CI: 1.6—54.9%), with odds of infestation
for anthropogenic habitat-using species increasing by 256%
compared to species that do not use anthropogenic

habitats (CI: 125.9-687.8%). Credible intervals for all other
coefficients included zero (Additional file 1: Figure S1).

For C. canis, infestation probability was linked to host
phylogeny (19.2% of explained variation; CI: 6.4—33.5%)
when accounting for a significant positive effect of total ci-
tations associated with the term ‘ectoparasite’ (6.3% of
explained variation; CI: 0.4—-28.5%). Similarly to C. felis, in-
festation probability for C. canis increased with decreasing
host body mass (accounting for 77.4% of remaining ex-
plained variation; CI: 14.2-96.7%). Infestation probability

Table 1 Sampling frequencies and prevalences of cat and dog fleas (Ctenocephalides felis and C. canis) in selected invasive host
species. Note that prevalence information was not available from all studies included in the database

No. of studies that recorded
prevalence (no. of countries)

Host species

No. of individuals included
in prevalence calculation

Mean C. felis
prevalence (range) (%)

Mean C. canis
prevalence (range) (%)

Felis catus (feral cat) 27 (18) 2974
Canis lupus (feral dog) 19 (16) 1941
Vulpes vulpes (red fox) 9 (8) 2118
Rattus rattus (black rat) 7 (6) 1327
Rattus norvegicus (brown rat) 4 (4) 1458
Oryctolagus cuniculus () 8

(European rabbit)

323 (0-100) 1.3 (0-34.8)
17.1 (0-92.1) 3.5 (0-30.1)
15.9 (0-100) 11.5 (0-100)
14 (0-10.1) No prevalence information
04 (0-1.0) No prevalence information
100 No prevalence information
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for C. canis is predicted to increase by 2.7% (CIL: 0.2—
11.3%) with a decrease of 1 kg in host body mass. The use
of anthropogenic habitats was weakly positive but non-
significant for predicting C. canis infestation (regression
coefficient CI: —0.34—2.87), suggesting that more data is
needed to elucidate this possible pattern. Credible inter-
vals for all other regression coefficients included zero
(Additional file 1: Figure S1).

Entering species’ ecological traits (from all sampled
mammalian hosts for which we had phylogenetic data; n
=639) into equations from fitted regressions (using coeffi-
cient posterior modes and phylogenetic variable inter-
cepts) revealed two key patterns. First, although C. felis
infestation probability shows a phylogenetic signal (related
species showing similar infestation risk), this parasite is
predicted to infest a wide diversity of mammals covering
the majority of clades along the sampled host phylogeny
(Fig. 2). According to the model, species with particularly
high risk of C. felis infestation include many canids, felids
and murids, in addition to host species such as possums
(Phalangeridae and Didelphidae), skunks (Mephitidae),
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shrews (Soricidae), weasels (Mustelidae) and old world
porcupines (Hystricidae). Secondly, C. canis is predicted
to infest a much lower diversity of species, with suscep-
tible hosts primarily including wild canids, felids, murids
and mustelids (Fig. 3).

Dog fleas infest phylogenetically clustered mammalian
host species

For C. canis, host specificity intervals became signifi-
cantly clustered as phylogenetic weight increased (a
values approaching 1; Fig. 4), indicating infested hosts
were more closely related than expected by chance. As
ecological niche weight increased (a values approaching
0), intervals overlapped zero, suggesting C. canis hosts
did not exhibit more similar habitat or diet niches than
expected (Fig. 4). For C. felis, in contrast, host specificity
intervals included zero for all a weighting values, sug-
gesting infested hosts were not more closely related to
each other nor did they exhibit more similar habitat or
diet niches than expected by chance (Fig. 4).

Fig. 2 Cat flea (Ctenocephalides felis) infestation probability in wild mammals, mapped across a phylogeny of 639 sampled mammal species. Colours
represent ancestral state mapping of predicted infestation probability, calculated by entering species’ attributes into fitted logistic regression equations
(using posterior modes for regression coefficients and variable intercepts according to phylogenetic ancestry). Cooler blues indicate low infestation
probability; warmer reds show high infestation probability. Key phylogenetic host groups (i.e. clades in which multiple species show
above 0.7 infestation probability) are indicated with outline figures (clockwise from top: porcupines (Hystricidae); mice and rats (Muridae);
possums and oppossums (Phalangeridae, Didelphidae); shrews (Soricidae); hedgehogs (Erinaceidae); felines (Felidae); foxes (genus Vulpes;
Canidae); dogs (genus Canis; Canidae); skunks (Mephitidae); and weasels (Mustelidae). Images were sourced from http://www.supercoloring.com under
a Creative Commons License (https//creativecommons.org/licenses/by/4.0/)

infestation prob. 1
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Fig. 3 Dog flea (Ctenocephalides canis) infestation probability in wild mammals, mapped across a phylogeny of 639 sampled mammal species.
Colours represent ancestral state mapping of the fitted infestation probability, calculated by entering species’ attributes into fitted logistic
regression equations (using posterior modes for regression coefficients and variable intercepts according to phylogenetic ancestry). Cooler blues
indicate low infestation probability; warmer reds show high infestation probability. Key phylogenetic host groups (i.e. clades in which multiple
species show above 0.7 infestation probability) are indicated with outline figures (clockwise from top: rats (Muridae); felines (Felidae); foxes (genus
Vulpes; Canidae); dogs (genus Canis; Canidae); and weasels (Mustelidae). Images were sourced from http://www.supercoloring.com under a
Creative Commons License (https://creativecommons.org/licenses/by/4.0/)

Discussion

Management strategies to mitigate parasite spillover re-
quire identifying host attributes that increase infestation
risk [3, 36, 37]. We find that the use of anthropogenic
habitats is a key driver of cat flea infestation risk. As
habitat encroachment accelerates [8, 38], increased con-
tact between wild mammals and human-associated res-
ervoir hosts is likely to increase spillover of cat fleas to
wildlife. While intrinsic host attributes such as phylogen-
etic ancestry and large body mass may ameliorate risk
for some species, our findings suggest a large diversity of
species are susceptible to cat flea infestation. In contrast,
dog fleas are less widespread and more restricted to
hosts with shared evolutionary histories. Future spillover
of dog fleas, in turn, is expected to be more strongly
confined to a few phylogenetic groups, reducing their
overall spread compared to the more host-generalist cat
fleas. Contact patterns between potential host species
will not only depend on habitat overlap, but also on
species-level behavioural and population-level demo-
graphic attributes [39]. Understanding within-population

infestation dynamics and mitigating impacts of invasive
reservoir hosts will therefore be crucial for reducing flea
spillover at the domestic-wildlife interface.

Although it is often stated that cat and dog fleas are
cosmopolitan parasites infesting a diversity of species [9,
10, 40], this is the first study to uncover the magnitude
and geographic spread of their wildlife occurrences. In
doing so, we provide tangible evidence that invasive spe-
cies contribute to the spread of the most common para-
sites of pets in human households. Numerous feral
mammal species were identified as important reservoir
hosts for both cat and dog fleas. Already considered
some of the most damaging alien animal species for glo-
bal biodiversity, feral cats, foxes and rats are commonly
observed to harbour flea infestations [17, 23, 24, 41, 42].
Previous authors have speculated on the role of feral
hosts as reservoirs, suggesting that within its climatic
limits, the cat flea is capable of using virtually any avail-
able feral mammalian host to sustain its population [15].
Feral species thrive at the human-wildlife interface [28,
31, 43], and we show that anthropogenic habitat use
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Fig. 4 Differentials between observed and expected functional-phylogenetic host specificity (STD*) for dog fleas (Ctenocephalides canis; left panel)
and cat fleas (C. felis; right panel) at varying a weights. Weighting values approaching 0 give more weight to host ecological distance, while
values approaching 1 give higher weight to host phylogenetic distance. Negative differentials indicate infested hosts are more similar
than expected by chance; positive values indicate infested hosts are more dissimilar than expected. Differentials were generated from
10,000 iterations, using a mammalian supertree [72] and either randomly sampled host habitat dendrograms (coloured boxes) or host diet
niche dendrograms (grey boxes) in each iteration. Boxplots show differential medians (lines within boxes), and 2.5% and 97.5% quartiles
(hinges) for individual parasites. Whiskers show minimum and maximum values. Asterisks (*) indicate significant differences from 0

[ Habitat FPDist
[IDiet FPDist

influence C. felis infestation risk. Collectively, our results
suggest spatial overlap with feral reservoir hosts plays a
crucial role in flea spillover to wildlife and will likely mag-
nify spillover that is already driven by encroachment of
flea-bearing domestic pets into natural habitats.

Our study adds to a growing body of empirical and theor-
etical evidence implicating invasive species as contributors
of parasite spread [6, 44—46]. Yet in addition to feral mam-
mals, urban-adapted native species may facilitate flea spill-
over. In the Americas, opossums (family Didelphidae) and
raccoons (Procyonidae) are well-recognised as urban reser-
voirs for heavy cat flea infestations and flea-transmitted

pathogens [17, 47-49]. Other urban-dwelling species such
as European hedgehogs (Erinaceus europaeus; family
Erinaceidae) have been found carrying cat fleas in
Germany and Hungary [50, 51] as well as in New Zealand,
where hedgehogs are introduced [52]. While this indicates
increases in human footprints facilitate the spread of fleas,
effects of urbanisation on parasite emergence are not
well-understood. Some recent studies suggest parasites
that commonly infect urban-adapted wildlife species ex-
hibit increased prevalence in urban or suburban environ-
ments; while others find the opposite pattern [53, 54].
Fleas infesting domestic dogs, for example, will likely be
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more abundant in rural housing conditions where pets
sleep on natural soils with high humidity, as opposed to
urban housing that may be less suitable for nesting fleas
[55, 56]. Studies that assess flea prevalence and infestation
intensity across gradients of land use and domestic animal
encroachment are needed to understand the true impacts
of urbanisation on flea spillover.

Host switching and dispersal are key mechanisms
underlying parasite spillover [57, 58]. While the geo-
graphic origins of cat and dog fleas are unknown [59], it
is likely they spread to new regions following dispersal
of humans and their pets [11]. This would have exposed
fleas to a diversity of potential new host species. In our
study, a strong signal of phylogeny for predicting host
infestation suggests that conserved traits facilitated host
switching following initial contact with reservoir hosts.
Flea host range expansions may therefore follow a pat-
tern of ‘ecological fitting’. This postulates that new host
associations arise following contact with species that
share traits with previous hosts [57, 60]. Ecological fit-
ting has been observed in many host-parasite assem-
blages [60, 61]; however, uncovering the particular suite
of conserved traits involved can be challenging. Our
findings shed some light on the flea-mammal system,
suggesting that body size and perhaps adaptability to
urban environments are important for driving infestation
risk. Broad similarities in habitat use and diet are either
unimportant or too coarse to accurately identify pat-
terns. Considering a wider array of traits that may influ-
ence flea exposure, such as nesting behaviour or local
population density, would be useful to expand our un-
derstanding of spillover.

Ours is not the first study to suggest that cat fleas are
more widespread, both in terms of geography and host-
breadth, than dog fleas [50, 62, 63]. Many authors have
speculated on why this occurs. Proposed hypotheses in-
clude a relatively restricted host range or restricted toler-
ance to extreme temperatures for the dog flea compared
to the cat flea [15, 23]. While our data does not prove
that infested hosts are maintaining flea populations, our
findings highlight key differences in patterns of host use
between the two flea species. Cat fleas are found on a
much wider phylogenetic diversity of wild mammals
than dog fleas. Host species that have been reported to
carry dog fleas are restricted to certain phylogenetic
clades, supporting hypothesis that dog fleas show higher
host specificity than do cat fleas [10]. Experimental in-
festation studies, including co-infestations of C. felis with
C. canis, coupled with additional field infestation data
would be useful to rigorously test this hypothesis.

This study makes assumptions that any mammal spe-
cies recorded to harbour a flea species has been searched
for cat and dog fleas. This limitation that hinders our
power to make predictions about infestation risk. On the
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flipside, there are likely many more confirmed associa-
tions between wild mammal hosts and fleas that our
search methods failed to identify. Searching of Web of
Science and PubMed could be extended to encompass
mammal-flea associations for a broader range of flea
species. This would serve to increase our understanding
of flea biogeography while giving better resolution of
host traits that influence risk of cat and dog flea infest-
ation. We reinforce earlier calls for more detailed
record-keeping to help identify informative processes
involved in parasite spillover among wild host species
[64, 65]. While the scope of our study was to collate data
on flea-host associations and make inferences on
species-level infestation risk, future studies addressing
differences in infestation prevalence and intensity at the
population-level would be informative for broadening
our understanding of flea spillover.

Conclusions

We find that cat fleas are among the most host-
generalist of all ectoparasites, a trait that likely contrib-
utes to parasite spread at the human-wildlife interface.
We suggest that reducing wild species’ contact rates with
domestic animals across natural and anthropogenic hab-
itats, together with mitigating impacts of invasive reser-
voir hosts, will be crucial for reducing invasive flea
infestations in wild mammals. Crucial to developing
management strategies will be differentiating between
incidental hosts and those capable of maintaining and
spreading fleas throughout the parasite lifecycle.

Methods

Compiling a global flea host-parasite database

We searched PubMed (National Library of Medicine
National Institutes of Health, US) and Web of Science
(Clarivate Analytics, US) to identify publications that de-
scribe cat and/or dog flea infestations in free roaming
wild and domestic species. These databases apply hier-
archical search algorithms to cover a broad range of
nested terms; for instance, searching ‘ruminant’ will also
search terms nested within ruminant, such as ‘goat; ‘cat-
tle’ etc. (Additional file 2 for details of literature acces-
sion methods and specific search terms). From identified
papers, we recorded host species, presence/absence of C.
felis and C. canis, and, if data on individuals sampled
was available, number of hosts sampled and number
infested with each flea species. Fleas regarded as Cteno-
cephalides spp. (i.e. only identified to genus level) were
recorded as unidentified Ctenocephalides species. Note
that few studies distinguished between C. felis subspecies,
and so all C. felis records were grouped as a single cat-
egory. Further flea host-parasite records were gathered
from the Global Mammal Parasite Database v2.0 [66] and
the Natural History Museum Database, London, UK
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(http://www.nhm.ac.uk/research-curation/scientific-re-
sources/biodiversity/uk-biodiversity/british-flea-distribu-
tion/; accessed 06/06/17).

To make inferences about traits that best predict the
probability that wildlife are infested with either flea
species, we gathered a list of all wild mammal species
known to have been sampled for fleas. We included
hosts from published flea host-parasite community data-
sets ([67] from Palaearctic regions; [68] from Serbia) and
comprehensive flea-host checklists. We also included
mammal species that have been recorded to harbour
arthropod ectoparasites in the Global Mammal Parasite
Database v2.0 [66]. For all mammal species included,
associations with cat and dog fleas were recorded as bin-
ary variables (present or absent). To account for possible
sampling bias among species, we queried the number of
published references for each binomial species name from
the Scopus literature database (https://www.scopus.com;
accessed 08/06/17) using accompanying search terms
‘parasite’ and ‘ectoparasite’. We are aware that our list of
host species is incomplete, but we believe our database is
sufficiently representative to explore variable wildlife traits
that may influence likelihoods of cat and dog flea infest-
ation. The final database included 446 unique host-
parasite-location observations.

Mammalian host phylogeny and ecological trait data

For all sampled mammal species, we gathered ecological
trait data from the International Union for Conservation
of Nature (IUCN; http://www.iucnredlist.org/; accessed
04/05/17), EltonTraits 1.0 [69], PanTheria [70] and habi-
tat diversity [71] databases to include attributes likely to
distinguish hosts in terms of availability and suitability
for flea infestations. Selected traits included: body mass,
linked to longevity and adaptation to environments; diet
diversity (a Shannon index based on species’ proportional
use of 10 diet categories represented in EltonTraits); habi-
tat use (binary indicators of whether a species uses each of
18 TUCN habitat categories); cohabitation diversity (a co-
occurrence {3 diversity metric quantifying the target
species’ degree of habitat and community specialization,
where a ‘generalist’ occurs in a range of habitats that differ
in species composition while a ‘specialist uses habitats
that contain a consistent collection of other mammal
species; [71]); IUCN threat status; mid-range latitude; and
mid-range longitude. To test for differences among
specific habitat types in logistic regressions, IUCN habitat
variables were used to create binary indicators that reflect
whether species use anthropogenic (‘introduced vegeta-
tion” or ‘artificial terrestrial’), forest (‘forest’ or ‘shrubland’)
and dry bush habitats (‘desert, ‘savanna’ or ‘grassland’).
Species’ phylogenetic relationships were estimated from a
recent mammalian supertree [72].
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Phylogenetic logistic regressions

Infestation probability for each flea species was modelled
separately using species-level infestation data of all
mammal species with one of the two focal flea species as
the response (‘1" if a species has been recorded as
infested; ‘0" if a species has not been recorded as
infested). We tested whether host attributes influence
infestation probability using a hierarchical logistic
regression with a logit link function. Predictor variables
included host body mass, diet diversity, cohabitation di-
versity, anthropogenic habitat use, forest habitat use, dry
bush habitat use, citation counts linked to ‘parasite’ and
citation counts linked to ‘ectoparasite’. We included an
interaction between cohabitation diversity and anthropo-
genic habitat use to test if species that rely more on an-
thropogenic habitats have increased infestation risk
(where species that use anthropogenic habitats and have
low cohabitation diversity indices are assumed to rely
more heavily on man-made habitats than those with
higher diversity indices). To account for underlying
structure driven by host phylogenetic relationships or re-
cent population trends, host phylogeny and IUCN threat
status were included as random grouping terms, allow-
ing inferences for group-specific slopes whilst estimating
between-group variation [73].

The model was fitted in a Bayesian framework with
Markov Chain Monte Carlo (MCMC) sampling using
the R package MCMCglmm [74]. We used parameter ex-
pansion (redundant multiplicative reparameterisation of
the linear model) for the threat status variance compo-
nent to reduce dependence among parameters and im-
prove chain mixing [75]. For the phylogenetic variance
component, we used a y* distribution with one degree of
freedom, which improves sampling properties and herit-
ability estimates for binary outcomes [75, 76]. Residual
variance was fixed at 1, as this variance is non-
identifiable when estimating binary outcomes [76]. All
continuous predictors were centred and scaled (dividing
by one SD) prior to regression. We ran two chains for
2000,000 iterations each, removing 1000,000 as ‘burn-in’
and with a thinning value of 1000 (2000 total posterior
samples for each parameter). Chain mixing was
inspected visually and with the Gelman-Rubin diagnostic
(all values < 1.2). Autocorrelations were calculated to
ensure independence of consecutive samples (all auto-
correlations < 0.1). Because a limited number of records
in our database included number of hosts sampled and
number infested (e.g. 78 observations from 33 host spe-
cies for C. felis), power to detect prevalence patterns was
low and we focused only on species-level associations.

Parasite functional-phylogenetic host specificity
We calculated observed and expected host specificity for
each flea species to assess whether fleas use hosts that
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are more similar based on phylogeny, habitat use or diet
than expected by chance. We used the functional-
phylogenetic host specificity metric described by Clark
& Clegg [77], which integrates host phylogenetic and
ecological distances to quantify their relative influences
on parasite host specificity.

To describe similarity between host habitat and diet
niches, we applied hierarchical clustering to dissimilarity
Gower’s distance matrices [78]; the first matrix incorpo-
rated host micro-habitat traits (9 terrestrial habitat use
binary indicator variables) and macro-habitat traits (co-
occurrence diversity; midrange longitude and midrange
latitude; all as continuous variables). The second matrix
incorporated two host diet traits (a fuzzy variable to
describe the proportional use 10 diet categories and the
Shannon diet diversity continuous variable). All continu-
ous variables were scaled by one SD and weighted by the
inverse of their phylogenetic autocorrelations to capture
variance in niches not captured by phylogeny. We used
Abouheif’s C, a metric efficient at detecting phylogenetic
autocorrelation regardless of topology [79, 80]. Distance
matrices were built using weighted variables following
Pavoine et al. [81]. Uncertainty in host-parasite analyses
is important to incorporate when assessing host-
specificity and infestation risk [3, 82]. Because different
hierarchical clustering algorithms lead to different infer-
ences [83], we generated eight dendrogram topologies
from each matrix (habitat and diet) to capture uncer-
tainty in relationships.

Phylogenetic and dendrogram branch lengths were
scaled (dividing distances by the maximum distance for
each tree) so pairwise distances ranged from zero to one.
Pairwise phylogenetic and niche distances (PDist and

FDist, respectively) were then used to calculate
functional-phylogenetic distance (FPDist):
EPDist = (aPDist’ + (1 - a)FDist?)"/? (1)

The weighting parameter a varies from zero to one;
values approaching one give greater weight to PDist; a
values approaching zero give greater weight to FDist. We
set p =2 to calculate squared Euclidean FPDist distances.
Host FPDist distances were used to calculate a phylospeci-
ficity index (STD® for each parasite, using species-level
infestation data and following Clark & Clegg [77]. Null
host distributions were created for each parasite by ran-
domly drawing the observed number of infested species
from the sampled host pool and calculating expected
STD* We allowed «a to vary across a uniform distribution
from zero to one to alter relative weights of host phyl-
ogeny and ecological niche in each draw. Expected STD*
values were subtracted from observed to yield specificity
differentials. These will be negative if hosts are more
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similar than expected (clustered) and positive if hosts are
less similar (overdispersed). This was repeated 10,000
times to generate distributions of STD* differentials for
each flea species. Separate analyses were conducted using
host habitat and diet niche dendrograms. To allow for
comparisons between flea species and account for uncer-
tainty in the large number of C. felis host-parasite records
(138 host species, see Results), we randomly selected 31
observed host species for C. felis analyses in each draw
(equal to the number of host species observed to carry C.
canis; see Results).

For all analyses, we report posterior modes and 95%
credible intervals (highest posterior density intervals for
logistic regressions; 2.5% and 97.5% quantiles for host
specificity indices). Effects were considered ‘significant’ if
credible intervals did not include zero. Of the 685 sam-
pled mammal species (see Results), we were able to
collate trait data for 639 species. These 639 species were
included in logistic regressions (MCMCglmm cannot
impute missing predictors), while the full set of 685
species was used for host specificity analyses (missing
trait data was imputed from the full range of observed
values for each trait).

Additional files

Additional file 1: Figure S1. Regression coefficients for fixed effects
included in the logistic regressions to predict flea infestation probability
in wild mammal species. Markers indicate posterior modes and line
segments represent 95% highest posterior density credible intervals (Cls).
Terms considered significant (95% Cls do not include zero) are
highlighted in red. (DOCX 58 kb)

Additional file 2: Overview of literature search methods. This file
presents an overview of the methods used to search literature and
scrape flea*host checklists. R code for performing the systematic search
and scraping online checklists can be found on figshare (https://doi.org/
10.6084/m9 figshare.5623705.v2). (DOCX 15 kb)

Acknowledgements

We thank S. Kopp for helpful insights on flea biology and distributions and
the curators of open-source databases that made our research possible
(including the Global Mammal Parasite, EltonTraits and PanTheria databases).

Funding
Not applicable.

Availability of data and materials
The flea-host dataset and all R code used to perform analyses were
deposited to figshare (https://doi.org/10.6084/m9 figshare.5623705.v2).

Authors’ contributions

Conceived and devised the study: NJC and KW. Gathered data and
completed analysis: NJC and KW. All authors contributed to writing of the
final version of the manuscript, read and approved the final manuscript.

Ethics approval and consent to participate
Not applicable.

Consent for publication
Not applicable.


dx.doi.org/10.1186/s13071-017-2564-z
dx.doi.org/10.1186/s13071-017-2564-z
http://dx.doi.org/10.6084/m9.figshare.5623705.v2
http://dx.doi.org/10.6084/m9.figshare.5623705.v2
http://dx.doi.org/10.6084/m9.figshare.5623705.v2

Clark et al. Parasites & Vectors (2018) 11:8

Competing interests
The authors declare that they have no competing interests.

Author details

'School of Veterinary Science, University of Queensland, Gatton, QLD 4343,
Australia. °Sydney School of Veterinary Science, Faculty of Science, University
of Sydney, Sydney, NSW 2006, Australia. *Environmental Futures Research
Institute, Griffith University, Nathan, QLD 4111, Australia.

Received: 18 September 2017 Accepted: 29 November 2017
Published online: 08 January 2018

References

1.

20.

Pedersen AB, Davies TJ. Cross-species pathogen transmission and disease
emergence in primates. EcoHealth. 2009;6(4):496-508.

Morand S, Mclntyre KM, Baylis M. Domesticated animals and human
infectious diseases of zoonotic origins: domestication time matters. Infect
Gen Evol. 2014;24:76-81.

Wells K, O'Hara RB, Morand S, Lessard J-P, Ribas A. The importance of
parasite geography and spillover effects for global patterns of host-parasite
associations in two invasive species. Div Dist. 2015;21(4):477-86.

Wood JLN, Leach M, Waldman L, MacGregor H, Fooks AR, Jones KE, et al. A
framework for the study of zoonotic disease emergence and its drivers:
spillover of bat pathogens as a case study. Phil Trans R Soc A. 2012;
367(1604):2881-92.

Liccioli S, Giraudoux P, Deplazes P, Massolo A. Wilderness in the ‘city’ revisited:
different urbes shape transmission of Echinococcus multilocularis by altering
predator and prey communities. Trends Parasitol. 2015;31(7):297-305.

Adlard RD, Miller TL, Smit NJ. The butterfly effect: parasite diversity,
environment, and emerging disease in aquatic wildlife. Trends Parasitol.
2015;31:160-6.

Murray KA, Preston N, Allen T, Zambrana-Torrelio C, Hosseini PR, Daszak P.
Global biogeography of human infectious diseases. Proc Natl Acad Sci USA.
2015;112(41):12746-51.

Patz JA, Olson SH, Uejio CK, Gibbs HK. Disease emergence from global
climate and land use change. Med Clin North Am. 2008,92(6):1473-91.
Rust MK Advances in the control of Ctenocephalides felis (cat flea) on cats
and dogs. Trends Parasitol. 2005,21(5):232-6.

Linardi PM, Santos JLC. Ctenocephalides felis felis vs. Ctenocephalides canis
(Siphonaptera: Pulicidae): some issues in correctly identify these species. Rev
Bras Parasitol Vet. 2012,21(4):345-54.

Lawrence A, Brown G, Peters B, Spielman D, Morin-Adeline V, Slapeta J.
High phylogenetic diversity of the cat flea (Ctenocephalides felis) at two
mitochondrial DNA markers. Med Vet Entomol. 2014;28(3):330-6.

Lawrence AL, Hii S-F, Jirsova D, Panakova L, lonica AM, Gilchrist K, et al.
Integrated morphological and molecular identification of cat fleas
(Ctenocephalides felis) and dog fleas (Ctenocephalides canis) vectoring
Rickettsia felis in central Europe. Vet Parasitol. 2015;210(3):215-23.

Blagburn BL, Dryden MW. Biology, treatment, and control of flea and tick
infestations. Vet Clin N'Am Small Anim Pract. 20091:39(6):1173-200.

Horta MC, Labruna MB, Pinter A, Linardi PM, Schumaker TT. Rickettsia
infection in five areas of the state of Sao Paulo. Brazil Mem Inst Oswaldo
Cruz. 2007;102(7):793-801.

Slapeta J, King J, McDonell D, Malik R, Homer D, Hannan P, Emery D. The
cat flea (Ctenocephalides f. felis) is the dominant flea on domestic dogs and
cats in Australian veterinary practices. Vet Parasitol. 2011;180(3):383-8.
Kaewmongkol G, Kaewmongkol S, Mclnnes LM, Burmej H, Bennett MD,
Adams PJ, et al. Genetic characterization of flea-derived Bartonella species
from native animals in Australia suggests host-parasite co-evolution. Infect
Gen Evol. 2011;11(8):1868-72.

Durden LA, Wilson N, Eckerlin RP, Baker WW. The flea (Siphonaptera) fauna
of Georgia, USA: hosts, distribution and medical-veterinary importance. Ann
Carnegie Mus. 2012,80(2):83-113.

Kaewmongkol G, Kaewmongkol S, Fleming PA, Adams PJ, Ryan U, Irwin PJ,
Fenwick SG. Zoonotic Bartonella species in fleas and blood from red foxes
in Australia. Vector Borne Zoonotic Dis. 2011;11(12):1549-53.

Kernif T, Socolovschi C, Wells K, Lakim MB, Inthalad S, Slesak G, et al.
Bartonella and Rickettsia in arthropods from the Lao PDR and from Borneo,
Malaysia. Compar Immunol Microbiol. Infect Dis. 2012;35(1):51-7.

Pung OJ, Durden LA, Banks CW, Jones DN. Ectoparasites of opossums and
raccoons in southeastern Georgia. J Med Entomol. 1994;31(6):915-9.

21.

22.

23.

24,

25.

26.

27.

28.

29.

30.

31

32.

33

34.

35.

36.

37.

38.

39.

40.

41.

42.

43.

44,

Page 10 of 11

Poo-Murioz DA, Elizondo-Patrone C, Escobar LE, Astorga F, Bermudez SE,
Martinez-Valdebenito C, et al. Fleas and ticks in carnivores from a domestic-
wildlife interface: implications for public health and wildlife. J Med Entomol.
2016;53(6):1433-43.

Hoberg EP, Brooks DR. A macroevolutionary mosaic: episodic host-
switching, geographical colonization and diversification in complex host-
parasite systems. J Biogeogr. 2008;35(9):1533-50.

Dunnet GM, Mardon D. A monograph of Australian fleas (Siphonaptera).
Aust J Zool Supplementary Series. 1974;22(30):1-273.

Psaroulaki A, Antoniou M, Papaeustathiou A, Toumazos P, Loukaides F,
Tselentis Y. First detection of Rickettsia felis in Ctenocephalides felis fleas
parasitizing rats in Cyprus. Am J Trop Med Hyg. 2006;74(1):120-2.

Eisen RJ, Borchert JN, Holmes JL, Amatre G, Van Wyk K, Enscore RE, et al.
Early-phase transmission of Yersinia pestis by cat fleas (Ctenocephalides felis)
and their potential role as vectors in a plague-endemic region of Uganda.
Am J Trop Med Hyg. 2008;78(6):949-56.

Matisoo-Smith E, Roberts R, Irwin GJ, Allen JS, Penny D, Lambert DM.
Patterns of prehistoric human mobility in Polynesia indicated by mtDNA
from the Pacific rat. Proc Natl Acad Sci USA. 1998:95(25):15145-50.

Lowe S, Browne M, Boudjelas S, De Poorter M. 100 of the world's worst
invasive alien species: a selection from the global invasive species
database: invasive species specialist group Auckland. New Zealand;
2000. https://www.eea.europa.eu/data-and-maps/indicators/invasive-alien-
species-in-europe/100-of-the-worlds-worst

Doherty TS, Glen AS, Nimmo DG, Ritchie EG, Dickman CR. Invasive predators
and global biodiversity loss. Proc Natl Acad Sci USA. 2016;113(40):11261-5.
Wells K, Lakim MB, O'Hara RB: Shifts from native to invasive small mammals
across gradients from tropical forest to urban habitat in Borneo. Biol Cons.
2014;23(9):2289-2303.

Doherty TS, Bengsen AJ, Davis RAA. Critical review of habitat use by feral
cats and key directions for future research and management. Wildl Res.
2015;41(5):435-46.

Loveridge R, Wearn OR, Vieira M, Bernard H, Ewers RM. Movement behavior
of native and invasive small mammals shows logging may facilitate invasion
in a tropical rain forest. Biotropica. 2016;48(3):373-80.

Streicker DG, Turmelle AS, Vonhof MJ, Kuzmin IV, McCracken GF, Rupprecht
CE. Host phylogeny constrains cross-species emergence and establishment
of rabies virus in bats. Science. 2010;329(5992):676-9.

Patterson BD, Dick CW, Dittmar K. Parasitism by bat flies (Diptera: Streblidae)
on Neotropical bats: effects of host body size, distribution, and abundance.
Parasitol Res. 2008;103(5):1091-100.

Krasnov BR, Mouillot D, Shenbrot Gl, Khokhlova IS, Vinarski MV, Korallo-
Vinarskaya NP, Poulin R. Similarity in ectoparasite faunas of Palaearctic
rodents as a function of host phylogenetic, geographic or environmental
distances: which matters the most? Int J Parasitol. 2010;40(7).807-17.
Krasnov BR, Shenbrot GI, Khokhlova IS, Degen AA. Trait-based and
phylogenetic associations between parasites and their hosts: a case study
with small mammals and fleas in the Palearctic. Oikos. 2016;125(1):29-38.
Han BA, Schmidt JP, Bowden SE, Drake JM. Rodent reservoirs of future
zoonotic diseases. Proc Natl Acad Sci USA. 2015;112(22):7039-44.

Tompkins DM, Carver S, Jones ME, Krkosek M, Skerratt LF. Emerging infectious
diseases of wildlife: a critical perspective. Trends Parasitol. 2015;31(4):149-59.
Myers SS, Gaffikin L, Golden CD, Ostfeld RS, Redford KH, Ricketts TH, et al.
Human health impacts of ecosystem alteration. Proc Natl Acad Sci USA.
2013;110(47):18753-60.

Begon M, Bennett M, Bowers RG, French NP, Hazel S, Turner JA. Clarification
of transmission terms in host-microparasite models: numbers, densities and
areas. Epidemiol Infect. 2002;129(1):147-53.

Bitam |, Dittmar K, Parola P, Whiting MF, Raoult D. Fleas and flea-borne
diseases. Int J Infect Dis. 2010;14(8).e667-76.

Canto GJ, Guerrero Rl, Olvera-Ramirez AM, Milian F, Mosqueda J, Aguilar-
Tipacamu G. Prevalence of fleas and gastrointestinal parasites in free-
roaming cats in central Mexico. PLoS One. 2013,8(4):.e60744.

Zain SNM, Sahimin N, Pal P, Lewis JW. Macroparasite communities in stray
cat populations from urban cities in peninsular Malaysia. Vet Parasitol. 2013;
196(3):469-77.

Baker PJ, Harris S. Urban mammals: what does the future hold? An analysis
of the factors affecting patterns of use of residential gardens in great
Britain. Mam Rev. 2007;37(4):297-315.

Tompkins DM, White AR, Boots M. Ecological replacement of native red
squirrels by invasive greys driven by disease. Ecol Lett. 2003;6(3):189-96.


https://www.eea.europa.eu/data-and-maps/indicators/invasive-alien-species-in-europe/100-of-the-worlds-worst
https://www.eea.europa.eu/data-and-maps/indicators/invasive-alien-species-in-europe/100-of-the-worlds-worst

Clark et al. Parasites & Vectors (2018) 11:8

45.

46.

47.

48.

49.

50.

52.

53.

54.

55.

56.

57.

58.

59.

60.

61.

62.

63.

64.

65.

66.

67.

68.

69.

70.

71.

Clark NJ, Olsson-Pons S, Ishtiag F, Clegg SM. Specialist enemies, generalist
weapons and the potential spread of exotic pathogens: malaria parasites in
a highly invasive bird. Int J Parasitol. 2015;45(14):891-9.

Springborn MR, Keller RP, Elwood S, Romagosa CM, Zambrana-Torrelio C,
Daszak P. Integrating invasion and disease in the risk assessment of live bird
trade. Div Dist. 2015;21(1):101-10.

Sorvillo FJ, Gondo B, Emmons R, Ryan P, Waterman SH, Tilzer A, et al. A suburban
focus of endemic typhus in Los Angeles County: association with seropositive
domestic cats and opossums. Am J Trop Med Hyg. 1993;48(2):269-73.

Reeves WK, Nelder MP, Korecki JA. Bartonella and Rickettsia in fleas and lice
from mammals in South Carolina, USA. J Vec Ecol. 2005;30(2):310.

Troyo A, Moreira-Soto RD, Calderon-Arguedas O, Mata-Somarribas C, Ortiz-
Tello J, Barbieri AR, et al. Detection of rickettsiae in fleas and ticks from
areas of Costa Rica with history of spotted fever group rickettsioses. Ticks
Tick-borne Dis. 2016;7(6):1128-34.

Visser M, Rehbein S, Wiedemann C. Species of flea (Siphonaptera) infesting
pets and hedgehogs in Germany. Zoonoses Public Health. 2001;48(3):197-202.
Foldvari G, Rigo K, Jablonszky M, Bird N, Majoros G, Molndr V, Téth M. Ticks and
the city: ectoparasites of the northern white-breasted hedgehog (Erinaceus
roumanicus) in an urban park. Ticks Tick-borne Dis. 2011;2(4):231-4.

Tenquist J, Charleston W. A revision of the annotated checklist of
ectoparasites of terrestrial mammals in New Zealand. J Roy Soc New
Zealand. 2001;31(3):481-542.

Bradley CA, Altizer S. Urbanization and the ecology of wildlife diseases.
Trends Ecol Evol. 2007;22(2):95-102.

Evans KL, Gaston KJ, Sharp SP, McGowan A, Simeoni M, Hatchwell BJ. Effects
of urbanisation on disease prevalence and age structure in blackbird Turdus
merula populations. Oikos. 2009;118(5):774-82.

Gracia M, Calvete C, Estrada R, Castillo J, Peribanez M, Lucientes J. Fleas
parasitizing domestic dogs in Spain. Vet Parasitol. 2008;151(2):312-9.

Wells K, O'Hara RB, Pfeiffer M, Lakim MB, Petney TN, Durden LA. Inferring
host specificity and network formation through agent-based models: tick-
mammal interactions in Borneo. Oecologia. 2012;172(2):307-316.

Brooks DR, Ferrao AL. The historical biogeography of co-evolution:
emerging infectious diseases are evolutionary accidents waiting to happen.
J Biogeogr. 2005;32(8):1291-9.

Hoberg E. Invasive processes, mosaics and the structure of helminth
parasite faunas. Rev Sci Tech. 2010;29(2):255.

Rust MK, Dryden MW. The biology, ecology, and management of the cat
flea. Annu Rev Entomol. 1997;42(1):451-73.

Araujo SB, Braga MP, Brooks DR, Agosta SJ, Hoberg EP, von Hartenthal FW,
Boeger WA. Understanding host-switching by ecological fitting. PLoS One.
2015;10(10):20139225.

Clark NJ, Clegg SM, Sam K, Goulding W, Koane B, Wells K. Climate, host
phylogeny and the connectivity of host communities govern regional
parasite assembly. Div Dist. 2017; https;//doi.org/10.1111/ddi.12661.
Cruz-Vazquez C, Gamez EC, Fernandez MP, Parra MR. Seasonal occurrence of
Ctenocephalides felis felis and Ctenocephalides canis (Siphonaptera: Pulicidae)
infesting dogs and cats in an urban area in Cuernavaca, Mexico. J Med
Entomol. 2001;38(1):111-3.

Dobler G, Pfeffer M. Fleas as parasites of the family Canidae. Parasit Vectors.
2011;4(1):139.

Thompson RA. Parasite zoonoses and wildlife: one health, spillover and
human activity. Int J Parasitol. 2013;43(12):1079-88.

Grogan LF, Berger L, Rose K, Grillo V, Cashins SD, Skerratt LF. Surveillance for
emerging biodiversity diseases of wildlife. PLoS Path. 2014;10(5):¢1004015.
Stephens PR, Pappalardo P, Huang S, Byers JE, Farrell MJ, Gehman A, et al.
Global mammal parasite database version 2.0. Ecology. 2017;98(5):1476.
Hadfield JD, Krasnov BR, Poulin R, Nakagawa SA. Tale of two phylogenies:
comparative analyses of ecological interactions. Am Nat. 2013;183(2):174-87.
Pilosof S, Fortuna MA, Vinarski MV, Korallo-Vinarskaya NP, Krasnov BR.
Temporal dynamics of direct reciprocal and indirect effects in a host-
parasite network. J Anim Ecol. 2013;82(5):987-96.

Wilman H, Belmaker J, Simpson J, de la Rosa C, Rivadeneira MM, Jetz W.
EltonTraits 1.0: species-level foraging attributes of the world's birds and
mammals. Ecology. 2014;,95(7):2027.

Jones KE, Bielby J, Cardillo M, Fritz SA, O'Dell J, Orme CDL, et al. PanTHERIA:
a species-level database of life history, ecology, and geography of extant
and recently extinct mammals. Ecology. 2009;90(9):2648.

Ducatez S, Tingley R, Shine R. Using species co-occurrence patterns to quantify
relative habitat breadth in terrestrial vertebrates. Ecosphere. 2014;5(12):1-12.

72.

73.

74.

75.

76.

77.

78.

79.

80.

81.

82.

83.

Page 11 of 11

Bininda-Emonds OR, Cardillo M, Jones KE, MacPhee RD, Beck RM, Grenyer R, et
al. The delayed rise of present-day mammals. Nature. 2007;446(7135):507-12.
Gelman A, Hill J. Data analysis using regression and multilevel/hierarchical
models, vol. 1. Cambridge: Cambridge University Press; 2007.

Hadfield JDMCMC. Methods for multi-response generalized linear mixed
models: the MCMCglmm R package. J Stat Softw. 2010;33(2):1-22.

Gelman A. Prior distributions for variance parameters in hierarchical models
(comment on article by Browne and Draper). Bayesian Anal. 2006;1(3):515-34.
de Villemereuil P, Gimenez O, Doligez B. Comparing parent-offspring
regression with frequentist and Bayesian animal models to estimate
heritability in wild populations: a simulation study for Gaussian and binary
traits. Methods Ecol Evol. 2013;4(3):260-75.

Clark NJ, Clegg SM. Integrating phylogenetic and ecological distances
reveals new insights into parasite host specificity. Mol Ecol. 2017;26:3074-86.
Gower JCA. General coefficient of similarity and some of its properties.
Biometrics. 1971,27:857-71.

Abouheif EA. Method for testing the assumption of phylogenetic
independence in comparative data. Evol Ecol Res. 1999;1(8):895-909.
Pavoine S, Ricotta C. Testing for phylogenetic signal in biological traits: the
ubiquity of cross-product statistics. Evolution. 2013;67(3):828-40.

Pavoine S, Vallet J, Dufour AB, Gachet S, Daniel H. On the challenge of
treating various types of variables: application for improving the
measurement of functional diversity. Oikos. 2009;118(3):391-402.

Clark NJ, Wells K, Dimitrov D, Clegg SM. Co-infections and environmental
conditions drive the distributions of blood parasites in wild birds. J Anim
Ecol. 2016;85:1461-70.

Kulbicki M, Parravicini V, Bellwood DR, Arias-Gonzalez E, Chabanet P, Floeter
SR, et al. Global biogeography of reef fishes: a hierarchical quantitative
delineation of regions. PLoS One. 2013;8(12):e81847.

Submit your next manuscript to BioMed Central
and we will help you at every step:

* We accept pre-submission inquiries

e Our selector tool helps you to find the most relevant journal

* We provide round the clock customer support

e Convenient online submission

e Thorough peer review

e Inclusion in PubMed and all major indexing services

e Maximum visibility for your research

Submit your manuscript at

www.biomedcentral.com/submit () BiolMed Central



http://dx.doi.org/10.1111/ddi.12661
https://www.researchgate.net/publication/322316179

	Abstract
	Background
	Results
	Conclusions

	Background
	Results
	Introduced mammals as reservoir hosts for fleas at the domestic-animal wildlife interface
	Host phylogeny, body mass and anthropogenic habitat use drive parasite infestation risk
	Dog fleas infest phylogenetically clustered mammalian host species

	Discussion
	Conclusions
	Methods
	Compiling a global flea host-parasite database
	Mammalian host phylogeny and ecological trait data
	Phylogenetic logistic regressions
	Parasite functional-phylogenetic host specificity

	Additional files
	Funding
	Availability of data and materials
	Authors’ contributions
	Ethics approval and consent to participate
	Consent for publication
	Competing interests
	Author details
	References

